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Richard Boire

Big Data Analytics :
A Confused Marketplace
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Why the confusion?

Big Data Landscape 2016
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What Is important ?

» At the end of the day, it's about analytics and the discipline needed to achieve
the right insights/learning DATA

J
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« But insight without action is analysis for paralysis

» Data is the foundation of everything whether we consider it big or small

« No question we need to embrace the rapid technological changes}
around us but “don’t throw out the baby with the bath oil '



Things to consider in the New Paradigm

Data Processing T

» Parallel vs. Sequential Processing g -
NERSSINET

* Real-Time vs. Batch Processing




Things to consider in the New Paradigm

Reporting
« An ever growing sandbox of tools

 Emphasis on the following areas: _
» Ease of uge | b e Tl e
» Data Manipulation

« Empowerment of analytics to broader groups of people i .. M
 Data Visualization : “iﬁ.., ___,!|! W o ,1\




Things to consider in the New Paradigm

Advanced Analytics and the terms we hear:

visual analytics
teaching jack of computation power
master data data visug |I|hﬁ[|ur

ane sort
information visualizationPusiness intelligence UL{..HQJ.,

k 1 i T i ot
sensors intemet DIgd lata and knowledge mining regression

dassification machine learning eaming

big data storage

data analytics , data mmmg data theory
medical data cloudawk data hidden meaninc Js
network hig analysis [ ) ( | T 29 _associations prediction

analyze
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The Data Challenges

» Traditional Data-structured data b

 Web and Social Media-semi-structured . @ @ F

» Posts,Blogs, Tweets, Texts,Emails,-unstructured 3 |||||¢ Al

. WIFI Data s i

* Sensor Data {Twﬁ“%ﬁ%ﬁ

e Location Data
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What Does it all Mean

No matter whether it iIs advanced vs. non-advanced, we
ultimately need analytics to “Tell a Story”

Results

More importantly, it is the good stories that get
actioned on



THANK YOU
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PICTURE CREDITS

» http://www.simranjindal.com/data-to-insight-to-action-technology-cannot-replace-an-understanding-about-your-
products-processes-and-customers/

o http://www.canadianbusiness.com/leadership/liz-rodbell-hudsons-bay/

* http://www.explainthatstuff.com/how-supercomputers-work.html

o http://www.i95dev.com/is-real-time-processing-better-than-batch-processing/

» http://engineering.theladders.com/2016/05/18/data-scientists-toolbox-for-data-infrastructure-i/

e http://tenstepsahead.co/services

e https://apandre.wordpress.com/category/tableau/

e https://support.google.com/analytics/answer/3191589?hl=en

* http://bigdata-madesimple.com/15-social-media-analytics-tools-for-marketers/

* https://www.tanaza.com/grow-wi-fi-sales/

» http://keywordsugqgest.org/gallery/760089.html

* https://www.linkedin.com/pulse/mobile-data-offloading-over-wi-fi-access-networks-yogender-singh-rana
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Jayne Olsen

Best Practice Approach to
Predictive Analytics




Culture Around Predictive Analytics
Projects

Successful analytics projects are highly dependent on open-mindedness to new, innovative
solutions

1 Should have an appreciation for the power of data
2 Open to trying new tools and technologies

3 Flexibility to experiment with innovative approaches

4 Comfortable with agile prototyping within 3-month time box
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Best Practice Approach to Predictive
Analytics Solutions

|deation Prototyping (Validation) Factoring

é
- N
—
Collaboratively identify, prioritize, Devel inimally viabl L
ollaboratively identify, prioritize evelop a minima ywé e Assess findings o reach a go-
product to prove solution o
forward decision
hypotheses

and ideate data-driven solutions to
Design Thinking Methodology

a business problem

Fixed Time Box (e.g. 3 months)




Approach: Leverage a Formal L
Methodology

Design thinking methodology can ensure we are truly solving business problems for the end
user or consumer.

5.; Goals of Design Thinking

Rapid Prototyping Cross-Functional Collaboration User Experience Focused
x Time-boxed approach to ﬁ Upfront involvement of key g Approach focused on iteratively
developing a minimally viable stakeholders and business teams re-defining and solving a
product to prove hypotheses through formalized design thinking business problem for the end
sessions user
Methodology Overview
Learning and understanding the Brainstorming innovative solutions Evaluation of prototypes with users
users, their as-is experience, and and improvement opportunities and identification of further
pain points iterations
@ e L e
Re-defining and focusing the Development of a representation of
problem based on insights from developed concepts or techniques

empathy stage




Workshop To Define Analytics Opportunities:

ldeation: Design Thinking Workshops

Workshops should focus on defining the problem and ideating viable solutions.

Define ‘as-is’ usage of data sources within the organization

Identify improvement opportunities with internally or
externally available data sources

Define gains and estimated value from applying modern

predictive analytics techniques

Define and prioritize potential solutions to prove in a 3-

month scope of work
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Prototyping: Time-Boxed Validation

Leverage agile methodologies such as Lean IT and Scrum to develop the minimally viable
product within a fixed time period /\

Time Cost
Lean IT
Principl
ciples Quality Morale
/ \ Fail Fast &
Safely
Validate Minimally
Hypotheses & )
- Viable Product
Development m
User Story Taam. Sprint Burndown
Scrum * Focus on Must-
Methodology — Haves
e Sprint, fix
9 = max.4Weeks/
Demonstrable
Product Sprint Sprint New Functionality
Backlog Planning Backlog

Retrospective,

Sprint Review

Stakeholders
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Factoring: Formalized Decision

Assess findings with key stakeholders and formalize a decision at the end of the 3 months to
continue, discontinue, or pivot.

Continue
Development of
Solution

Solution Prototype

Benefit Analysis

Findings Assessment
Formalized presentation of findings and

Discontinue

Effort Estimation insights to key stakeholders for final Development of
assessment and decision at end of 3 Solution
Performance Measures NS
and Targets
Pivot

To a New Solution
Based on Learnings

Capabilities
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Example: Flood Insurance Prospecting

Ideation

o Cross Functional Teams
o Problem statement
o Key customers

e Opportunities for solutions
¢ Identify Key Data Sources
e Scope/prioritization

Prototyping

e Data Analytics
e Behavioural Economics
e Deliverable: Prototype

Factoring

' P .

e Productionization Strategy
*  Maintenance Strategy
e Approach to monitor metrics
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THANK YOU

N S URANTCE

A ReVOLUTION




Patrick Sullivan

How Predictive Modelling Is
Transforming Insurance:
Applications
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Overview - accelerated underwriting

Driving
Prescriptions Record

external data
Insurance

appended: History

s i

Rules-based

o Automated
Predictive models uw

1) triage Risk Cl
2) smoker SRS

Application
& Tele-

Interview

Income &
financial
info

Physician
traditional Statement

data:



1) Predictive underwriting for risk selection

Actual Class by Model Decile

100% — — = — — — w— m— —

90% decline

=
&0% . Tradeoff: Mortality cost vs automation rate
70%
0o, standard
50%
40%
309
preferred

20%
0% l
0% . = = =

1 2 3 4

=
Barangha Thiough Rme
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2) Model-driven cross-sell

Predictive

: @

risk &
marketing
profile

Propensity to
buy

Next best offer



3) Claims management with triage models

% Claims That Did Recover

1009

BO%

A%

Model Comparison - 30 month outcome - Text through day 15

0% 2% A0% BO% B0 10K
% Claims That Didn't Recover

THE B1" AMMLIAL

Recovery Rates by Notes Sentiment

80%
30%
T0%

. B0%

50%

0%
30%
20%
10%

0%

Meutral Positive
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4) Pricing/Lapse Models from Experience Data

Why use a predictive model?

* Interpretable standardised effects
e Optimized predictive power

e Easy to maintain

g

Base 0.00100
Gender .

M 1
F 0.50
|
NS 1
S 2.00
0 0.70
1 0.81
2 0.94
3+ 1

Mortality Incidence = exp(By + B1X; + ... +prp) = exp(By)” exp(B4)”..."exp(B,)
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Questions
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